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The minimum mean paradox: A mechanical
explanation for apparent experiment aversion

Robert Mislavsky®, Berkeley J. Dietvorst®, and Uri Simonsohn®"

Meyer et al. (1) propose that people object to “ex-
periments that compare two unobjectionable poli-
cies” (their title). In our own work (2), we arrive at
the opposite conclusion: People “don’t dislike a cor-
porate experiment more than they dislike its worst
condition” (our title). In this letter we reanalyze the
7 studies in table 1 of ref. 1, for they most closely
resemble ours. We conclude that the evidence
for experiment aversion is caused by a statistical
artifact.

In those studies, 3 separate groups of people
indicated the acceptability of policy A, policy B, or
an experiment testing both policies. The average
acceptability of the experiment was lower than the
average of either policy. This pattern was used as
evidence of experiment aversion, but it is actually
nondiagnostic.

To illustrate, imagine an experiment giving peo-
ple a dessert with either dairy (A) or peanuts (B).
If 30% of people are lactose-intolerant and an-
other 30% have peanut allergies, A and B are each
objectionable to 30% of people. However, the
experiment is objectionable to 60%. This higher rate
has nothing to do with experimentation. It arises
because some object to A, while others object to B.
This is why in our studies (2) policies A and B were
evaluated by the same people, and we compared
the least acceptable policy for each participant to
the acceptability of the experiment. In the desserts
example, we would compare the share of people object-
ing to the experiment to the 60% objecting to either
A or B, whichever is each individual’s worst condition.

In Meyer et al.’s (1) studies, each participant rated
only one policy, and thus we cannot determine each
participant’s worst policy. Instead, we approximated
this necessary analysis by pairing observations from
the A and B conditions in their data. We treated each
resulting pair as if coming from one participant,
computing the worst policy for each pair. Because
2 evaluations made by the same person are not in-
dependent, we did not form pairs drawing observa-
tions independently from A and B. Instead, we first
estimated the correlation between evaluations of A
and B by asking Amazon Mechanical Turk partici-
pants (n = 99) to evaluate all scenarios. We used
the resulting average within-scenario, within-person
correlation, r = 0.33, as the correlation for the normal
variables we drew from. We converted these normal
values to quantiles and took such quantiles from Meyer
etal.’s Aand B samples (see refs. 3 and 4). Fig. 1 shows
that, contrary to experiment aversion, experiments were
rated almost identically to their worst arms (overall: mean
[M] = 3.48 vs. M = 3.44).

Assigning different participants to evaluate differ-
ent treatments also has psychological consequences
(5, 6) that probably increase the appearance of exper-
iment aversion. For example, in studies 1 and 2, in
each policy scenario a hospital implements a single,
essentially free intervention to reduce infections. How-
ever, in the A/B test condition, the hospital identifies
2 interventions and randomly implements only 1. Only
in the A/B test condition is a treatment withheld. This
confound is avoidable. In the policy scenarios the di-
rector could choose 1 of 2 treatments for everyone.
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Compared to Worst Arm: No Experiment Aversion
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1. Autonomous Cars
2. Genetic Testing
3. Retirement Plans
4. Health Workers

Studies reported by Meyer et al. (2019), their Table 1

Fig. 1. All analyses were performed on data collected by Meyer et al. (1). Average acceptability of policies A and B (black and white circles,
respectively), and of the experiment (gray circle), reproduce results in table 1 of ref. 1. The acceptability of the worst arm is computed by
randomly pairing observations between A and B, inducing the correlation within pair that we obtained in new data: r(A,B) = 0.33. For each of the
7 studies, 10,000 pairs (with replacement) were formed. The lowest-rated policy was computed within each pair and averaged across them. This is
the estimated average acceptability of the worst arm. Vertical lines depict 95% (bootstrapped) confidence intervals. Note: results are not
sensitive to the imputed correlation of r(A,B) = 0.33. With r = 0.5 the mean of the worst arm is M = 3.51, still very similar to the experiment,
M = 3.48. With r = 0.2 it is M = 3.40. The R code to reproduce Fig. 1 is available from https://osf.io/jewnz/ (7).
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